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Abstract 

Artificial Intelligence (AI) is evenly increasing and transforming financial risk, fraud detection, 

management and corporate governance in digital financial systems. Similarly, rule-based and 

traditional monitoring approaches are becoming ineffective in responding to the scale 

available, sophistication andspeed of contemporary financial fraud. This study focuses on how 

AI-enabled techniques, deep learning, including machine learning, natural language 

processing, explainable AI and automate decision-support systems, adding to fraud detection, 

market-risk monitoring, credit risk assessment, regulatory compliance and digital corporate 

governance in India. This study examines and adopts a PRISMA-informed structured literature 

review and conceptual synthesis approach. Initial pool of 214 records was identified from 

Scopus,Google Scholar and Web of Science using keywords related to artificial intelligence, 

RegTech, SupTech and corporate governancefraud detection, financial risk management,. 

After applying relevance structured, publication-period and peer-review criterion journals, 61 

studies published between 2020 and 2025 were retained and re analysed for final qualitative 

synthesis and analysis. The review indicates that AI improves anomaly detection, and 

compliance reporting,real-time monitoring, predictive risk modelling; however, these benefits 

are accompanied by significant governance risks, including algorithmic bias, cyber 

vulnerabilitymodel opacity, data privacy concerns,  and accountability gaps in finance. This 

paper proposes an integrated conceptual framework in which AI capabilities operate as a 

governance-enabling and supported infrastructure linking data-driven fraud control, board-

level oversight andfinancial risk management. Study contributes to the literature by integrating 

previously fragmented discussions on AI,blockchain, financial risk and digital corporate 

governance, with MoUspecific attention to the Indian regulatory and institutional context. It 

also Important the need for explainable AI, AI audit committees, independent model validation, 

data-protection safeguards and stronger digital competence among boards and regulators. 

Keywords: Artificial Intelligence; Fraud Detection; Financial Risk Management; Digital 

Corporate Governance; Model Risk Governance; RegTech; SupTech; Explainable AI; India 

1. Introduction 
The rapid changes in Artificial Intelligence (AI) has significantly impacting the financial 

services industry, particularly in areas such as risk management, fraud detection, and corporate 
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governance. Further, there were rule-based corporate governance systems and manual 

monitoring schedule for financial institutions to identify fraudulent activities and risk 

management. Somehow, these approaches have proven insufficient in addressing the 

increasing complexity in large scale, and sophistication of financial crimes which is in the 

digital era. The amount of financial data has increased dramatically with the emergence of 

fintech platforms, digital transactions and online banking systems, requiring more sophisticated 

and scalable tools to analyze this data. 

AI technologies, like machine learning, deep learning, and natural language processing , have 

emerged as impactful solutions, capable of doing analysing large volume datasets in real time 

and identifying hidden patterns in data set that indicative of fraudulent behaviour. It’s Not only 

do these boost accuracy of detection in no time. But they also help and improve to proactively 

mitigate risk based on predictive analytics. AI reducing financial risk management by 

improving credit assessment, market forecasting, and operational risk monitoring. 

In the era of corporate governance, AI is playing vital role in ensuring transparency, 

responsibility, accountability, and compliance with government regulations. In the world of 

business, AI is becoming much more important for ensuring that processes adhere to 

regulations of government and remain transparent and accountable. AI systems are supported 

by other technologies like the cloud, and blockchain, and big data analytics, which helps to 

form an digital ecosystem for finance management stakeholders. AI-powered systems are 

currently making an insignificant contribution to bolstering financial security measures and 

governance tools, and financial accuracy and literacy in developing countries like India, where 

digital financial adoption is growing quickly day by day. Though, despite the progress made, 

regulatory compliance, data privacy, ethical concerns, and continue to be significant concerns. 

While AI is holding significant promise for revolutionizing financial systems, there are key 

challenges that need to be focused to fully leverage its capabilities and rely in areas like risk 

management, fraud detection, and corporate governance. One of the main problems are the rise 

in financial fraud sophistication, and the fact that frauds in finance are more likely to evade the 

traditional methods of detection in real. Though AI systems can be more accurate at detecting 

fraud, their effectiveness is limited by data quality in large, model bias, and interpretability can 

be biased as well. Financial institutions and regulators struggle to trust and validate financial 

decisions because the black-box AI models enhances financial tools, especially those based on 

deep learning, machine learning are often lacking in transparency. 

Similarly, the adoption of AI and machine learning in financial risk management systems 

brings in great complexities for researchers, such as model risk, dependency on AI systems 

only, and happening of potential system-wide vulnerabilities. Financial institutions and firms 

must balance the impact of automation with the need for human oversight to ensure reliability, 

responsibility and accountability. However, regulations simply tend to fall behind the 

development of technology and deep learning, and are not always clear in terms of rules or 

standards for compliance regulations. 

From a corporate governance view standpoint, AI is doing implementations and introduces data 

privacy, ethics in finance, and accountability worries. There are also no standardised 

governance mechanisms for vital AI-driven systems that facilitate their implementation in 

large. Regulatory fragmentation, infrastructure constraints, and technological changes 

resistance are significant challenges in developing countries like India and other country. 

Focusing with these challenges, it is hard to understand the potential for effective use of AI in 

financial systems and how to mitigate the risks ultimately. 

The use of AI in financial risk management and fraud detection has been a subject of extensive 

research in the literature, treated in isolation. There are numerous studies that show the 

effectiveness of machine learning, deep learning models in improving the accuracy of detection 

and the prediction. Financial risk management, on the other hand, highlights the use of AI for 
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improving credit risk evaluation, market research, and efficiency in operations. But there are 

no integrated researches that link these technological advances with corporate governance 

framework. 

The majority of studies tend to take a piece-meal approach where either the technical aspects 

of the AI models are addressed, or the regulatory and governance aspects are examined without 

the other. There has been less emphasis on the way in which the two – AI fraud detection and 

risk management – work together to affect corporate governance results. Moreover, studies are 

lacking that bring the concept of digital transformation into the context of emerging economies 

like India, where digital transformation is fraught with challenges and opportunities. 

Moreover, many available literature sources are either lacking a comprehensive conceptual 

framework that brings together AI technologies, financial risk management processes and 

governance or are using a narrow conceptual framework. The disconnect suggests a need for a 

comprehensive perspective of the complex and interdependent influence of AI in these areas. 

This study aims to explore and lights on the implications and integration of AI in financial 

systems which extend beyond the technical aspects and approach. While financial institutions  

depends on AI-driven systems, it is factual that the effects of such systems on governance 

frameworks, regulatory matters and transparency are assessed and analysed regularly. This 

study brings together risk assessment, fraud detection, and corporate governance, presenting a 

holistic view of how AI can impact financial ecosystems. 

The importance of this research is that it can help to create a connection between technology 

and governance in highlighting AI as a governance enabling infrastructure, instead of a 

technical tool. This is especially true in India where fast-paced digitalisation and financial-

inclusion efforts are transforming the financial landscape and adds valuable insights to the body 

of academic knowledge, in financial institute by offering a comprehensive conceptual 

framework and offering practical guidance for regulators, policymakers, and financial 

institutions in the responsible and effective use of AI. 

Aim: 

To explore the contribution of Artificial Intelligence in fraud detection and financial risk 

management; and to investigate the implications of Artificial Intelligence on digital corporate 

governance from an integrated conceptual perspective. 

Objectives: 

1. To examine the use of AI methods in detecting financial frauds. 

2. To evaluate the role of AI in financial risk management processes 

3. To understand the role of AI in company governance 

4. Identify ethical and regulatory issues and implementation issues. 

5. To build a conceptual framework connecting AI and fraud detection, risk management 

and governance. 

The study has been broken down into sections so that it has a thorough examination of the 

subject. Background, problem statement, research gap and objectives of the study are provided 

in the introduction. A literature review of the current body of research on application of 

artificial intelligence in fraud detection, financial risk management, and corporate governance. 

The methodology section describes the research design and the research approach that was 

taken in the study. The following section proposes the conceptual structure to combine AI and 

financial and governance system. The findings are presented in the discussion section and 

critically analysed with a focus on practical implications. Lastly, a summary of the main 

findings and implications and ideas for future study are presented. 
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2. Working Definition  

2.1 Artificial Intelligence (AI) 

Artificial Intelligence (AI) is the branch of computer science that lets machines perform tasks 

that involve human-like intelligence, like pattern recognition, prediction, and decision making, 

using computational systems including machine learning, deep learning and natural language 

processing. The AI in this study is defined as a data-driven infrastructure for analyzing financial 

processes that improves financial monitoring, fraud detection, and governance. 

2.2 Financial Fraud Detection 

Financial fraud detection involves a set of analytical methods and systems that enable the 

detection, prevention, and response of financial frauds in the shape of transaction fraud, identity 

theft, and accounting manipulation. In this research, it is particularly used to describe anomaly 

detection systems powered by AI, which are set to detect anomalies and behavioural deviations 

in real-time financial data. 

2.3 Financial Risk Management 

Financial risk management is the systematic process of identifying, assessing and mitigating 

financial risk, which comprises credit risk, market risk and operational risk. For this study, AI 

models are used in financial institutions to increase the precision of their forecasts, automate 

their risk evaluation process, and facilitate proactive decision-making. 

2.4 Corporate Governance (Digital Governance Context) 

Corporate governance is the governance of organisations, the rules and practices by which they 

are governed and directed and the processes by which they are governed. This study defines 

digital corporate governance as the use of AI and digital technology to improve transparency, 

accountability, regulatory compliance and decision making in the financial sector. 

2.5 Explainable Artificial Intelligence (XAI) 

XAI is a type of AI that generates comprehensible and coherent results, allowing stakeholders 

to understand the logic behind the AI's decision making. In this study, XAI is viewed as a 

system that accountability, promotes trust, and regulation of AI-based financial systems. 

2.6 RegTech (Regulatory Technology) 

RegTech is the use of cutting-edge AI and big data technologies to enhance regulatory 

compliance operations. For this study, it is considered as a system which automates the process 

of compliance monitoring, reporting, and risk management in financial institutions using 

artificial intelligence. 

2.7 SupTech (Supervisory Technology) 

SupTech is the application of technology by various regulators to strengthen the regulation and 

supervision of financial institutions in recent year. For the purpose of this study, it is understood 

to be AI-powered machines supervisory systems that allow for real-time data monitoring, data-

driven regulations, and more effective enforcement. 

2.8 Cloud Computing 

Cloud computing is the provision of computing services like storage, processing power and 

analytics over the Internet. For the purpose of this study, it is described as an infrastructure that 

is scalable to enable the deployment of AI, real-time analytics, and processing massive volumes 

of financial data. 

2.9 Financial Inclusion 

Financial Inclusion is the availability and accessibility of financial services to under-served and 

unbanked populations. For this study, it is identified as the application of AI-based systems 

that create information symmetry, credit access and enhance financial services for marginalized 

groups. 

2.10 Algorithmic Bias 
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Algorithmic bias is the discrimination that is built into the algorithms, as a result of biased 

training data or biased design. In this study, it is defined as a risk that comes from ethics, which 

could result in unfair financial decisions, and needs to be monitored in the governance process. 

2.11 Data Privacy 

Data privacy is when personal data and sensitive information are kept safe from unauthorised 

access and misuse. In this research, it is defined as the regulatory and ethical obligation to 

secure the management of financial information in AI-based systems. 

2.12 Theoretical Foundation 

The Agency Theory, Risk Governance Theory and the Technology-Organisation-Environment 

(TOE) perspective are the foundations for this study. Agency Theory is relevant because it can 

help improve information symmetry between the managers, boards, auditors, regulators and 

shareholders due to AI powered monitoring. In traditional systems of governance, monitoring 

is usually done at regular intervals and relies on reports that come after the fact. While AI tools 

like anomaly detection can transform governance from a reactive to a proactive process, 

continuous auditing and real-time dashboards can help shift the burden from retrospective to 

real-time review. On the other hand, algorithmic systems can give rise to new agency problems 

if the board does not know what is going on in the algorithms, what their assumptions are, what 

limitations and what biases they contain. So, AI cannot solve governance issues by itself, but 

rather it's changing the form of governance that is required. 

The theory of Risk Governance is applicable to this research since AI transforms the financial 

institutions risk identification, assessment, communication, and management. AI driven risk 

models can bolster early-warning systems by identifying credit, market and operational risks 

earlier. But AI brings with it new risk scenarios, such as model risk, cyber risk, data quality 

risk, algorithmic transparency risk, and responsibility risks for AI decisions. Thus, independent 

model validation, explainable decision processes, robust audit trails, clear escalation 

procedures and ongoing human oversight are key to effective AI-based risk governance.  

This is where the TOE explains why there are differences between the financial institutions and 

the adoption of AI. Technological factors are data quality, algorithmic capability, cloud 

infrastructure and cyber security. Organisational factors are board literacy, skilled personnel, 

culture of internal control, culture of the board. Factors affecting the environment are 

regulatory pressure, competition, the development of fintech and data protection requirements. 

These theories are combined to look at AI as a governance structure linking fraud detection, 

financial risk management and digital corporate governance outcomes. 

3. Literature Review  

3.1 AI in Financial Fraud Detection 

AI has revolutionized financial fraud and risk detection with its ability to adapt, scale, and 

leverage data for detection of fraud where rule-based systems fall short apart. Traditional fraud 

and risk detection methods that are simply based on static rules and manual oversight 

identification may fail to identify the advanced and evolving fraud schemes regularly. 

Moreover, AI-powered methods such as deep learning (DL),  machine learning (ML), and 

natural language processing (NLP), can shift through vast amounts of data to uncover the subtle 

patterns and anomalies to make them much more effective at detection (Jnr et al., 2024; 

Nwankwo et al., 2024; Kumar et al., 2024).In the financial sector credit card processing, 

accounting, insurance and banking, supervised learning models and have proven to be broadly 
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applicable in India. As models can continuously learn from transactional data and adapt to seek 

changes new techniques, allowing for real-time fraud detection tools (Adelakun et al., 2024; 

Hafez et al., 2025). Recently deep learning architectures, such as recurrent neural networks 

(RNNs) and long short-term memory (LSTM) models, have shown impulsive technique and 

capabilities in discovering temporal data patterns in transaction data enabling the identification 

of fraudulent transactions at an early stage in AI (Johora et al., 2024). 

AI models can also shift through the historical data to identify patterns, graphs and anomalies 

that not to be immediately apparent to humans, and machines learners, which minimizing false 

alarms and response delays (Ismaeil, 2024; Islam & Rahman, 2025). However, predictive 

analytics can help prevent fraud detection before it happens, as cybercrime tactics become more 

sophisticated in recent year (Veldurthi, 2025). 

There are still some challenges that remain with AI. Algorithmic biasness is still a significant 

issue in recent year, as biased training data can result in biased outcomes simply in fraud 

detection. Similarly, there are concerns about the lack of interpretability in complex AI models, 

such as those using deep learning and machine learning (Jnr et al., 2024). The situation of AI 

systems for financial institutions is also complicated by data privacy concerns and regulatory 

compliance requirements, which require strong governance frameworks and structures (Islam 

& Rahman, 2025). 

3.2 Financial Risk Management using AI and data analytics. 

AI has become a game-changer in financial risk management that enhance the predictability of 

risk, decision-making and operational efficiency in credit, market and operational risk among 

others AI tools. Traditional risk management systems make static assumptions and anomalies 

that use incomplete data AI models leverage data and sophisticated analytics to offer dynamic 

risk evaluation technique (Xu et al., 2024; Shen, 2024). 

Finance companies leverage machine learning and deep learning algorithms to analyze vast 

amounts of data in large to uncover and intricate relationships between risk factors. These 

capabilities holds not only complement but the credit risk assessment but also can help to better 

predict the default system probability and facilitate better lending decisions to stakeholders 

(Arsic, 2021). AI can facilitate scenario analysis and stress testing by simulating various 

economic outcomes allowing for proactive risk mitigation measures regularly (Fritz-

Morgenthal et al., 2021). 

Explanatory Artificial Intelligence (XAI) has become vital financial institutions having to 

ensure adaptability and transparency that adhere to regulatory norms regularly. By giving 

insights into the model's decision-making process in XAI techniques can improve trust and 

enable regulatory approval (Misheva et al., 2021). Similarly, incorporating AI and large 

language models (LLMs) has expanded the capabilities of risk management and fraud detection 

to further automate data analysis and enhance reporting efficiency (Joshi, 2025). 

The reliability of AI systems in real can be compromised by problems with data quality, data 

accuracy, over fitting, and ethical issues. Similarly, overreliance on automated models could 

lead to less human oversight in conclusions, which may lead to higher systemic risk (Daiya, 

2024).  

3.3 Generative AI and Regulatory Compliance 

Generative AI has created a new opportunities and risk challenges for financial risk 

management. Generative models can streamline all compliance tasks by providing real-time 
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regulatory insights framework, automated tool reporting, and better understanding of intricate 

financial information (Lagasio et al., 2025; Haeri et al., 2025). 

These models can be used to make predictions, which helps financial institutions to prepare for 

regulatory changes with adjustment and their strategies accordingly. Though generative AI 

systems offer significant potential benefits to analyse the data, they also come with certain 

challenges, including the risk of bias, hallucination, and transparency issues that can pose risks 

if not managed effectively (Bhattacharyya et al., 2025). Reason being, there is a need for 

stronger model risk management practices, such as model testing, validation, and human 

oversight, to guarantee safe deployment (Joshi & Satyadhar, 2025). 

To address these risks assessment bodies and regulatory authorities have placed a growing 

emphasis on the importance of explainability and ethical use of artificial intelligence (AI) in 

data analysis. To tackle these all risks, regulators are increasingly focusing on the need for 

explainability and ethical AI use. Governance mechanisms like algorithm audits and 

accountability frameworks structures are important for maintaining trust and ensuring 

compliance in AI systems that operate in financial systems (Essien et al., 2025). 

There is a lack of transparency in corporate governance systems in India recently. Indian 

corporate governance systems are opaque in real. 

Digital technologies and AI integration have brought a fundamental change in corporate 

governance practices in India currently. AI, big data and blockchain,  technologies have 

improved transparency, responsibility, accountability, and efficiency in the decision-making 

process. The Companies Act 2013 has further fixes governance structures especially in the field 

of financial reporting and compliance (Sharma & Singh, 2023). 

AI is impactful on corporate governance by facilitating real-time monitoring process, fraud 

detection, and risk assessment measures. Governance inefficiencies are pertains particular that 

being tackled by blockchain technology, which offers secure and transparent transaction 

records (Kanojia, 2023). Despite the adoption of these AI, machine learning technologies, it is 

not uniform because of the ambiguity of the regulations, issues of cybersecurity is the vast 

challenge for government, and the unwillingness of stakeholders to change (Aneja & 

Gavrilenko, 2025). 

3.5 Role of Big Data and Cloud Computing 

Big data, Machine learning and cloud computing are essential enablers for AI systems as they 

support the infrastructure for processing the large amounts of data AI models. Cloud platforms 

usually provide scalable and cost-effective resources which enable real-time analytics and 

enhance the efficiency of AI applications (Jamaludin et al., 2024). 

Leveraging big data analytics, AI becomes more effective in deriving insights from a wide 

range of data, boosting the accuracy and reliablity of predictive models and decision-making 

processes (Hassan & Zeebaree, 2025). Similarly, both combination of cloud and AI allows for 

the use of other advanced technologies such as federated learning and edge computing, which 

process data at the edge of the network without transferring it to a central cloud in real time 

(Murthy et al., 2025). 

However, AI-powered big data analytics is essential tools for improving cybersecurity for 

identifying threats in real time (Middae, 2025).  

3.6 Ethical and Legal considerations 
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Though AI becomes more prevalent in finance, and various industry there are major ethical 

and legal issues surrounding accountability, fairness, transparency and privacy of data. One of 

the significant challenges is algorithmic biasness, which can result in discriminatory practices 

in lending and fraud detection with risk (Agu et al., 2024). 

Maintaining transparency and explainability is vital for fostering trust among stakeholders. The 

intricate nature of AI models poses a challenge in understanding how they make decisions 

(Thakur & Sharma, 2024). Similarly, privacy concerns come into because of the particular 

amount of data utilized in AI systems for personal use, which requires powerful data protection 

measures (Wang, 2024). The current regulatory systems may not be sufficient to tackle these 

problems but, there is a need for improved structured governance frameworks that encourage 

ethical use of AI (Ridzuan et al., 2024). Proposed solutions involve algorithm ethical 

guidelines, audits, and the involvement of multiple stakeholders for responsible use of AI 

(Uzougbo et al., 2024). 

3.7 RegTech and SupTech 

Regulatory technology (RegTech) and supervisory technology (SupTech) are changing the 

financial regulation through the power of AI and data analytics to boost compliance burden 

insight and oversight. Though RegTech can help financial institutions with compliance 

automation, lower costs, and efficient risk management, SupTech can help regulators to 

monitor and enforce in real-time (Grassi&Lanfranchi, 2022). The technologies help to share 

and automate data, hence making regulatory work more transparent and efficient (Arner et al., 

2022). Despite this, obstacles like operational hurdles, regulatory complexity, and 

cybersecurity concerns persist as hurdles for adoption (Bagherifam et al., 2025). 

3.8 AI and Financial Inclusion 

AI can play a vital role in improving financial inclusion by tackling the challenges faced by 

inaccessible financial markets. AI can also use alternative data sources to make more accurate 

credit decisions and alleviate information asymmetry, which increases access to credit for small 

businesses and low-income people (Mhlanga, 2020). 

AI-driven solutions like chatbots and virtual assistants enhance customer engagement and 

financial education, especially in rural areas (Okeke et al., 2024). Cross-country research 

suggests that the adoption of AI is correlated with an increase in financial inclusion, thus 

contributing to economic development (Subramaniam et al., 2024). But data privacy, 

algorithmic bias, and infrastructure challenges need to be overcome to unlock the potential of 

AI to drive financial inclusion (Adeoye et al., 2024). 
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3.9 Literature Matrix 

Author(s) & 

Year 

Domain Methodology Key Findings Limitations / 

Research Gap 

Contribution to Current 

Study 

Jnr et al. (2024) Fraud 

Detection 

Review AI enhances fraud detection 

accuracy and scalability 

No empirical 

validation 

Establishes foundation for AI-

based fraud systems 

Nwankwo et al. 

(2024) 

Fraud 

Detection 

Systematic 

Review 

Real-time fraud detection using 

adaptive ML models 

No governance 

integration 

Supports dynamic fraud 

detection capability 

Kumar et al. 

(2024) 

Fraud 

Detection 

Conceptual/Re

view 

ML/DL outperform traditional 

rule-based systems 

Lack of cross-

domain integration 

Highlights technological 

superiority of AI 

Adelakun et al. 

(2024) 

Fraud 

Detection 

(Accounting) 

Case-based AI improves anomaly detection 

in financial records 

Limited 

generalizability 

Provides sector-specific 

validation 

Hafez et al. 

(2025) 

Fraud 

Detection 

Systematic 

Review 

Deep learning improves 

detection performance 

Limited 

explainability 

Supports advanced AI model 

usage 

Ismaeil (2024) Fraud 

Detection 

Conceptual Reduces false positives, 

improves efficiency 

No empirical 

backing 

Strengthens performance 

argument 

Islam & Rahman 

(2025) 

Fraud 

Detection 

Review Improves detection but raises 

transparency concerns 

Weak governance 

linkage 

Connects performance with 

ethical issues 

Veldurthi (2025) Fraud + 

Ethics 

Conceptual AI introduces bias and ethical 

risks 

No structured 

framework 

Supports ethical dimension 

Xu et al. (2024) Risk 

Management 

Review AI improves predictive accuracy 

and decision-making 

No governance 

linkage 

Supports risk analytics 

capability 

Shen (2024) Risk 

Management 

Analytical Enhances operational efficiency 

and forecasting 

Limited ethical 

discussion 

Supports performance 

improvement 

Arsic (2021) Risk 

Management 

Conceptual AI improves credit risk 

assessment 

Outdated empirical 

base 

Provides theoretical grounding 

Fritz-

Morgenthalet al. 

(2021) 

Risk + XAI Conceptual Explainable AI enhances trust 

and compliance 

Limited empirical 

support 

Critical for governance 

integration 

Misheva et al. 

(2021) 

Risk + XAI Technical Improves transparency in credit 

models 

No fraud 

integration 

Supports explainability 

requirement 
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Joshi (2025) Generative AI Review LLMs improve risk analysis and 

reporting 

Requires human 

oversight 

Introduces emerging AI 

perspective 

Daiya (2024) Risk 

Management 

Conceptual AI improves decisions but 

increases dependency 

No governance 

perspective 

Highlights automation risks 

Lagasio et al. 

(2025) 

Gen AI & 

Compliance 

Conceptual Enhances regulatory reporting 

and analysis 

Hallucination risk Supports compliance 

automation 

Haeri et al. 

(2025) 

Gen AI Technical Improves regulatory information 

retrieval 

Limited real-world 

testing 

Adds technical depth 

Bhattacharyya et 

al. (2025) 

Model Risk Analytical Identifies risks (bias, 

hallucination) 

No empirical 

validation 

Strengthens risk governance 

need 

Essien et al. 

(2025) 

AI 

Governance 

Conceptual AI enables compliance 

automation 

No implementation 

model 

Supports governance 

framework 

Joshi &Satyadhar 

(2025) 

Model Risk 

Mgmt 

Review Emphasizes validation and 

oversight 

No integration 

model 

Reinforces governance 

necessity 

Aneja&Gavrilenk

o (2025) 

Corporate 

Governance 

Conceptual Digital tech improves 

transparency 

Limited empirical 

evidence 

Core governance context 

Sharma & Singh 

(2023) 

Governance 

(India) 

Empirical Improves firm performance Limited AI 

integration 

Policy relevance 

Kanojia (2023) Blockchain 

Governance 

Conceptual Enhances transparency Regulatory 

uncertainty 

Complements AI governance 

Sharmin& 

Chowdhury 

(2025) 

E-

Governance 

Comparative Improves accountability No AI linkage Broader governance 

understanding 

Jamaludin et al. 

(2024) 

Big Data 

&Cloud 

Technical Cloud enhances AI scalability No governance link Infrastructure support 

Hassan 

&Zeebaree 

(2025) 

Big Data Review Improves predictive analytics Limited financial 

focus 

Supports data-driven AI 

Murthy et al. 

(2025) 

Edge AI Technical Enables real-time processing Complex 

deployment 

Supports real-time fraud 

detection 

Middae (2025) Cloud 

Security 

Conceptual AI improves threat detection Limited scope Supports cybersecurity 

dimension 
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Agu et al. (2024) Ethics Review Bias affects fairness in AI 

systems 

No governance 

framework 

Ethical foundation 

Thakur & Sharma 

(2024) 

Ethics Conceptual Need for explainability No empirical 

support 

Supports governance relevance 

Uzougbo et al. 

(2024) 

Legal Conceptual Legal ambiguity in AI 

accountability 

No solution model Highlights regulatory gap 

Ridzuan et al. 

(2024) 

Regulation Review Regulation lags innovation No integration 

model 

Policy relevance 

Wang (2024) Privacy Conceptual Data privacy concerns critical Limited financial 

depth 

Compliance dimension 

Mhlanga (2020) Financial 

Inclusion 

Conceptual AI improves credit access Limited empirical 

validation 

Social impact 

Adeoye et al. 

(2024) 

Inclusion Review Reduces information asymmetry Infrastructure 

issues 

Development relevance 

Subramaniam et 

al. (2024) 

Inclusion Empirical AI improves inclusion globally No governance link Broad impact 

Okeke et al. 

(2024) 

Inclusion Case-based Improves accessibility via AI 

tools 

Limited scalability Practical application 
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The literature shows that AI can greatly improve fraud detection and financial risk management 

by offering a more accurate, scalable, and predictive approach to the problem; however, there are 

still many overlapping areas of study across both the technological, regulatory, and governance 

realms. There is a distinct absence of systems that link the outcomes of AI-driven financial systems 

with those of corporate governance, especially in emerging economies like India. This study aims 

to fill this gap by formulating a common conceptual model that connects the dots between AI, 

fraud detection, risk management, and governance. 

4. Research Gap 

Existing scholarship has examined AI-enabled fraud detection, financial risk management and 

digital governance, but these domains are often studied separately. Technical studies generally 

focus on model accuracy, anomaly detection and predictive performance, while governance-

oriented studies focus on transparency, accountability, board oversight and regulatory compliance. 

As a result, limited attention has been given to how AI-enabled fraud detection and financial risk 

management jointly influence corporate governance outcomes. 

 

A second gap concerns the emerging-economy context. Much of the available literature is either 

global, technology-centred or based on developed financial markets. India presents a distinctive 

context because digital financial adoption, fintech expansion and regulatory digitisation have 

progressed rapidly, while institutional readiness, board-level AI literacy, data-governance capacity 

and model-risk oversight remain uneven across organisations. 

 

A third gap relates to the conceptual treatment of AI. Prior studies frequently present AI as a 

predictive or operational tool, but relatively few conceptualise it as a governance-enabling 

infrastructure. In AI-driven financial systems, fraud detection models, credit-risk tools, 

compliance analytics and real-time dashboards do not merely support operations; they influence 

accountability, oversight, risk reporting and strategic decision-making. Therefore, there is a need 

for an integrated conceptual framework that links AI capabilities, fraud detection efficiency, 

financial risk management effectiveness and digital corporate governance outcomes. 

 

This study addresses these gaps by synthesising recent literature and proposing a unified 

framework in which AI capabilities influence governance outcomes through improved fraud 

detection, risk analytics, regulatory compliance and explainable decision-support mechanisms. 

5. Methodology 

This study adopts a PRISMA-informed structured literature review and conceptual synthesis 

approach. The purpose of the review is not to conduct statistical meta-analysis, but to identify, 

evaluate and synthesise recent academic evidence on the role of AI in fraud detection, financial 

risk management and digital corporate governance. The design is appropriate because the field is 

interdisciplinary and contains conceptual, review-based, empirical and technical studies across 

finance, accounting, governance, information systems and regulatory technology. 

5.1 Data Sources and Search Strategy 

The literature search was conducted using Scopus, Web of Science and Google Scholar. The search 

focused on peer-reviewed academic literature published between 2020 and 2025. The search terms 

were developed around four core constructs: artificial intelligence, fraud detection, financial risk 

management and corporate governance. Boolean operators were used to combine related terms 

and improve both relevance and coverage. 
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Database Search String Purpose 
Scopus TITLE-ABS-KEY(("artificial intelligence" OR AI OR "machine 

learning" OR "deep learning" OR "explainable AI" OR "generative 

AI") AND ("fraud detection" OR "financial fraud" OR "anomaly 

detection") AND ("financial risk management" OR "credit risk" OR 

"market risk" OR "operational risk") AND ("corporate governance" 

OR "digital governance" OR RegTech OR SupTech OR "model risk 

governance")) 

To identify peer-

reviewed 

interdisciplinary 

studies. 

Web of Science TS=(("artificial intelligence" OR AI OR "machine learning" OR 

"deep learning" OR "explainable AI") AND ("fraud detection" OR 

"financial fraud" OR "risk management") AND ("corporate 

governance" OR "regulatory compliance" OR RegTech OR 

SupTech)) 

To cross-check high-

quality indexed 

journal literature. 

Google Scholar "artificial intelligence" "fraud detection" "financial risk management" 

"corporate governance" India; "AI" "RegTech" "SupTech" "financial 

services"; "explainable AI" "credit risk" "governance" 

To capture additional 

relevant studies and 

policy-linked 

academic work. 

5.2 Inclusion and Exclusion Criteria 

The inclusion and exclusion criteria used for screening are presented in Table 2. 
Criterion Inclusion Criteria Exclusion Criteria 
Publication period Studies published from 2020 to 2025. Studies outside the selected period, unless 

used as seminal theoretical background. 
Document type Peer-reviewed journal articles, systematic 

reviews, conceptual papers, empirical papers 

and high-quality technical studies relevant to 

AI in finance. 

Non-academic blogs, opinion pieces, non-

verifiable sources, duplicate records and 

unrelated technology papers. 

Language English-language publications. Non-English publications unless directly 

relevant and properly translated. 
Topical relevance Studies addressing AI, ML, DL, XAI, 

GenAI, fraud detection, risk management, 

RegTech, SupTech, corporate governance or 

financial inclusion. 

Studies discussing AI without connection to 

finance, fraud, risk, compliance or 

governance. 

Contextual 

relevance 
Global studies and India/emerging-economy 

studies relevant to digital financial 

governance. 

Studies with no transferable relevance to 

financial institutions or governance. 

5.3 Screening and Selection Procedure 

The initial database search yielded 214 records. These records were screened in three stages: title 

screening, abstract screening and full-text eligibility assessment. During title screening, studies 

unrelated to AI, financial services, fraud detection, risk management or governance were removed. 

During abstract screening, studies lacking conceptual or empirical relevance to the research 

objectives were excluded. During full-text assessment, studies were retained only if they directly 

contributed to at least one of the core themes of the study: AI-enabled fraud detection, AI-enabled 

financial risk management, model risk governance, RegTech/SupTech, digital corporate 

governance or ethical/legal concerns. After completion of the screening process, 61 studies were 

selected for final qualitative synthesis. 

5.4 Data Extraction and Coding 

A structured data-extraction sheet was prepared to record the author(s), year, domain, research 

method, AI technique, financial application, governance implication, key findings and limitations 

of each selected study. The extracted studies were coded thematically. First, open coding was used 

to identify recurring concepts such as anomaly detection, predictive modelling, explainability, 

algorithmic bias, regulatory compliance and board oversight. Second, related codes were grouped 
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into broader categories: fraud detection efficiency, financial risk management effectiveness, 

regulatory and compliance mechanisms, ethical/legal concerns and governance outcomes. Finally, 

these categories were synthesised into the proposed conceptual framework. 
Theme Codes Included Use in Framework 
AI capabilities Machine learning, deep learning, NLP, 

generative AI, XAI, network analytics 
Independent technological layer 

Fraud detection 

efficiency 
Anomaly detection, transaction 

monitoring, false-positive reduction, real-

time alerts 

Operational mechanism 

Financial risk 

management 

effectiveness 

Credit risk, market risk, operational risk, 

stress testing, early-warning signals 
Risk-control mechanism 

Governance mechanisms Transparency, accountability, auditability, 

compliance monitoring, board oversight 
Governance pathway 

Risks and safeguards Bias, opacity, privacy, cyber risk, model 

validation, human oversight 
Moderating/contextual concerns 

5.5 Quality Appraisal 

To improve methodological transparency, each selected article should be assessed using a simple 

quality-appraisal rubric. The appraisal should consider relevance to the research objectives, clarity 

of methodology, credibility of source, contribution to theory or practice and explicit discussion of 

limitations. Studies that scored low on relevance or methodological clarity should be used 

cautiously and should not form the basis of major claims. 
Quality Criterion Scoring Logic 
Relevance High = directly addresses AI and finance/governance; Medium = partially 

relevant; Low = weak connection. 
Methodological clarity High = clear method and evidence; Medium = partially clear; Low = 

unsupported or purely descriptive. 
Source credibility High = indexed peer-reviewed journal or recognised publisher; Medium = 

emerging journal; Low = unclear quality. 
Contribution High = strong conceptual/empirical contribution; Medium = limited but useful; 

Low = repetitive. 
Limitations High = limitations stated clearly; Medium = partially stated; Low = not stated. 

5.6 Methodological Limitations 

The review is structured and transparent but is limited. First, the study is based on secondary 

literature and there is no empirical testing of the proposed framework. Second, Google Scholar 

also expands coverage and could make the reproduction of the results difficult due to the time-

varying nature of the results. Thirdly, the review is based on literature published between 2020-

2025, which elevates the author's review, but may not include older seminal literature. Fourth, in 

the case of a search log that does not maintain detailed reasons for exclusion, caution is urged in 

interpreting the results from stage-wise exclusion counts. These restrictions are recognized and 

open for empirical test in the future. 
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5.7 PRISMA Diagram 
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6. Discussion and Findings 

The thematic synthesis identifies four major findings. First, AI strengthens fraud detection by 

enabling anomaly detection, behavioural pattern recognition, network analysis and real-time 

transaction monitoring. Second, AI improves financial risk management by supporting credit-risk 

assessment, market-risk forecasting, stress testing and operational-risk monitoring. Third, AI helps 

to with information asymmetry and enhance the timeliness of information available to the board, 

auditors, and regulators, in the context of digital corporate governance. Fourthly, there are 

governance risks associated with AI adoption, such as the opacity of models, algorithmic bias, data 

privacy risks, cyber vulnerability and uncertainty of responsibility for decisions made by 

algorithms. The results indicate that AI can enhance governance in the absence of explainability, 

independent checks, auditability, and oversight, which are essential factors. 

Algorithmic accountability is an other key challenge. With increasingly autonomous AI, it 

becomes more difficult to hold individuals accountable for the decisions made by AI. This requires 

creating explainable AI models as well as accountability frameworks. Ethical considerations are 

also of great importance. AI models can be biased, which can result in discriminatory outcomes, 

such as in credit scoring and lending decisions. Breadth, fairness, and transparency in the use of 

AI are critical for institutions. Fairness, transparency, and inclusivity in the use of AI are essential 

for institutions. 

6.1 AI as a monitoring Multiplier. 

The results prove that AI provides enhanced fraud detection capabilities by utilizing network 

analysis, anomaly detection and predictive modelling. These tools help to reduce the information 

gap between oversight and management bodies. The governance structure as a result is more 

knowledgeable and flexible. Continuous auditing systems using AI change the way that internal 

control is assessed, from a retroactive approach to a proactive approach. Instead of relying only on 

periodic audit reports, AI-enabled alerts allow boards, audit committees and risk committees to 

respond to suspicious transactions and emerging risks in real time. 

6.2 Financial Risk Management Transformation 

The predictive accuracy of credit scoring and volatility forecasting is improved by AI based risk 

models. Compared to using the conventional models, institutions that implement these systems 

frequently identify stress sooner. Sometimes, even better prediction fails to eliminate governance 

risk. Explainability and transparency remain a big challenge. The more robust the governance, the 

more a business is likely to have regular audits and to have independent validation of its models, 

and to have an organised review committee. Predictive power without accountability subsequently 

leads to instability, instead of stability. 

6.3 Governance Implications in India 

The role of a board and the use of AI are closely intertwined in India with rising regulatory 

expectations. It is the responsibility of directors to supervise algorithmic decision systems and 

provide satisfactory assurance. This often requires new committee structures and is enhanced with 

digital literacy at the board level. The study mainly identifies the three very important keys. First, 

establishing AI oversight committees. Second, mandating the rigorous model validation process. 

And the third one, strengthening the digital competence among the directors. 

6.4 Challenges and Risks (Critical Analysis) 

Although AI brings many benefits to fraud detection and financial risk management, it also 

presents some crucial challenges that need to be taken on board. The "black box" problem known 

as lack of transparency in complex data AI models is one of the main concerns in recent era. In 

real classical statistical models, AI systems, and tools specifically deep learning models, function 
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in very complex structures, which are hard to interpret and repudiate. This opacity pose difficulty 

for decision-makers who may be making decisions based on these outputs without an 

understanding of the underlying logic in real. 

One of the other big problems is algorithmic bias happening in AI Systems. The models that use 

AI can be subject to biases based on past data that might result in discriminatory action for various 

financial institutions, like in credit-scoring and lending. This may have business ethical issues that 

foster mistrust in financial institutions among stakeholders. Moreover, traditional models are less 

accurate in comparison of current AI tools, but can be more transparent and easier to audit. 

The risk of the model is another large hurdle. Predictions can be unreliable if there is an overfitting, 

poor data quality or lack of proper validation. These mistakes can lead to significant economic 

consequences and systemic risk in an environment with high financial stakes. Moreover, the 

growing use of AI systems also comes with operational risks, such as cyber threats and system 

failures. 

The uncertainty of regulations is an additional complicating factor. The regulatory landscape is 

lagging behind the rapidly changing world of AI technologies. This is especially confusing for 

financial institutions, as to what is required for compliance and what are the standards of 

accountability. AI, therefore, can be useful in improving efficiency and predictive capabilities, but 

it needs to be backed by robust governance models, constant monitoring and regulation to ensure 

it reduces and counteracts the risks involved. 

6.5 India-Specific Regulatory  

The Indian context is particularly important because AI adoption in finance is developing 

alongside an expanding digital regulatory architecture. The Reserve Bank of India has recognised 

the relevance of AI and machine learning for ongoing customer due diligence and monitoring in 

regulated entities, while also emphasising risk-based monitoring in KYC compliance. SEBI has 

issued reporting requirements for AI and machine-learning applications used by market 

intermediaries, mutual funds and market infrastructure institutions, indicating that algorithmic 

systems are increasingly treated as matters of regulatory oversight. In addition, SEBI’s 

Cybersecurity and Cyber Resilience Framework for regulated entities strengthens the relevance of 

cyber-risk governance in digitally mediated financial systems. The Digital Personal Data 

Protection Act, 2023 further makes data protection central to AI-enabled finance because AI 

models often process sensitive digital personal data for credit assessment, fraud monitoring, 

customer profiling and compliance analytics. Developments shows that AI-based fraud detection 

and risk management cannot be evaluated only as technical tools; they must also be examined as 

governance systems that require accountability, data protection, transparency, explainability and 

regulatory auditability.  

6.6 Challenges in AI Adoption in India 

In financial sector in India, the integration of Artificial Intelligence is important to encounters 

numerous structural and operational hurdles regularly. A significant obstacle is the shortage of 

skilled personnel proficient in AI, Machine learning, deep leaning, data science, and financial 

analytics. Various organizations, especially banks and fintech companies, find it challenging to 

hire and keep professionals who are adapt at creating and overseeing AI systems. 

A further obstacle is the expense associated with implementation of this type of structured financial 

tools. Building and launching AI systems demand considerable funding for technology, 

infrastructure, and training all together. This financial burden can help smaller institutions with 

limited resources from adopting these type of systems. 

http://www.irjmsh.com/


IRJMSH       Vol 17 Issue 7  [Year 2026]    ISSN  2277 – 9809 (0nline) 2348–9359 (Print) 

International Research Journal of Management Sociology & Humanity ( IRJMSH ) Page 58 

www.irjmsh.com 

Regulatory and governance deficiencies present further challenges to the adoption of AI in India. 

Though regulatory bodies such as the RBI and SEBI have issued guidelines regarding all these, 

the development of a comprehensive and standardized framework for AI governance remains in 

progress and keeping the updated changes in the world. Similarly, institutions frequently encounter 

uncertainty when attempting to align their AI strategies with regulatory expectations. 

These issues however underscore the necessity for joint initiatives by financial institutions, 

regulators, and technology providers regularly to establish a supportive environment for the 

responsible integration of AI in India. 

7. Conceptual Framework Diagram 

 
This research suggests that Artificial Intelligence (AI) serves, in this study, as an orchestrating 

mechanism of central integration within data inputs, analytics, financial applications and 

governance outcomes of a digital financial system. The framework starts with a variety of data 

inputs that are the building blocks of AI-powered analysis, such as transactional data, behavioural 

data, market data, and regulatory data. These data pieces undergo sophisticated AI analysis, 

including machine learning models, deep learning algorithms, and natural language processing, 

among others, which assist in spotting patterns, anomalies, and signals.  

To build on these technological foundations, the framework identifies important functional 

applications of AI in financial systems that are well established as being practical such as fraud 

detection, credit risk modeling, market risk forecasting and compliance monitoring. These 

applications run on a real-time basis, which could optimize financial decision-making processes 

by providing improved efficiency, accuracy and real-time response. The knowledge and data 

gained through these AI-powered systems go into corporate governance systems, feeding into the 

actions of the Board of Directors, audit committees, risk management committees, and regulatory 

reporting systems. 

 At the governance level, AI minimizes information asymmetry as it can be used to provide real-

time and continuous information on the performance of the organisation and the risk exposure of 

that same organisation. This allows for more effective monitoring, the more robust internal control 

systems and a boost to accountability throughout the organisation hierarchy.  
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The final phases of the framework lead to desired outcomes such as greater transparency, better 

risk management, lower level of fraud and financial stability. In this way, it indicates that the role 

of AI is not just as a technology, but as a governance structure that shifts the focus from operations 

to strategy and from mere technology to institutions.  

The conclusions of this research study have policy, theoretical, and practical significance with 

regards to Artificial Intelligence's influence in the detection of fraud, financial risk management 

and digital corporate governance.  

8. Implications 

The research findings demonstrate that AI must be considered beyond simply a technical tool of 

automation and is a governance enabling tool that affects monitoring, accountability, risk 

reporting, compliance and Board level decision making. Meanwhile, the use of AI brings with it 

governance challenges around algorithmic transparency, bias, model risk, cyber security, and data 

privacy. This means that successful implementation of AI in financial services must go hand-in-

hand with robust governance protections and controls. This paper builds upon the literature from 

governance and risk management in order to bring the topic of AI into the area of governance and 

risk management.  

8.1 Theoretical Implications 

First, it extends Agency Theory by introducing algorithmic monitoring procedures, which in turn 

have the ability to handle information asymmetry between management and stakeholders by 

continuously processing data and providing real-time monitoring. This would change the 

governance from periodic to dynamic. Second, the study combines the principles of Risk 

Governance Theory with AI-based analytics, shedding light on the application of predictive 

models and anomaly detection in strengthening the resilience of institutions. Third, the research 

proposes to model AI as a governance infrastructure (as opposed to just a predictive tool) and 

therefore fills a key lacuna in literature that views fraud detection and risk management as two 

distinct areas of governance. This whole ecosystem can serve as a platform for further academic 

research on corporate governance in the digital world.  

8.2 Practical Implications 

The study also calls for a change in financial institutions' governance and risk management 

frameworks in relation to the adoption of AI from a management perspective. AI governance 

committees need to be created at an organisational level as part of existing board structures, with 

the specific responsibilities of developing, validating and deploying a model. Moreover, AI-driven 

continuous auditing should complement regular financial audits to facilitate ongoing monitoring 

of transactions and risks. There is also a need to strengthen the digital literacy of board and senior 

management, highlighted in the study. Decision makers need to have enough knowledge about the 

AI system for output interpretation, questions of making judges on model assumptions, and to hold 

them to account. Moreover, there is a need to involve institutions in applying explainable AI 

technologies to increase transparency and gain trust from stakeholders. Building a strong data 

foundation, securing data systems and employing strong personnel is also necessary to ensure 

successful AI use.  

8.3 Policy and Regulatory Implications 

The study highlights the need for robust AI governance policies and regulations for policymakers 

and regulators. Institutions like the Securities and Exchange Board of India (SEBI) and the Reserve 

Bank of India (RBI) can help further standardization of the procedure for model validation in AI, 

transparency standards, and accountability measures. Based on the results, standards for 
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explainable AI and for using AI in an ethical way, as well as data protection, should be established, 

to minimize the risks of algorithmic bias and data privacy breaches.  

Moreover, the implementation of Regulatory Technology (RegTech) and Supervisory Technology 

(SupTech) has the potential to further strengthen monitoring by providing real time surveillance 

of financial institutions by regulators. Last but not least, the capacity of regulators and institutional 

stakeholders requires strengthening with the support of capacity development programmes in order 

to have a strong and efficient oversight activity. To maintain AI's financial systems transparent, 

fair, and resilient, a collaborative approach, encompassing financial institutions, technology 

providers, and regulatory bodies, is essential. 

9. Limitations and Future Research 

9.1 Limitations 

The data presented in this study are subject to certain limitations that should be considered when 

interpreting the results of this study. Second, the study is largely driven by a systematic literature 

search and secondary data sources, potentially reducing the capacity to reflect practices in the 

industry and overall differences in how larger firms use AI differently than smaller ones. Second, 

the study is not based on empirical research; thus, the framework proposed cannot be generalised 

to other financial institutions and regulatory settings. Third, although the study is 

contextual/explanatory, it focuses narrowly on the Indian financial system and the effectiveness of 

this approach for other emerging and developed financial systems may be limited. Also, some 

insights gained from this mapping may not be applicable when new AI technologies and 

governance become available. 

9.2 Future Research 

The limitations of the present study indicate new lines of inquiry for future research: What would 

be the effects of implementing the proposed conceptual framework by undergoing empirical 

analysis with the primary data of banks, fintech companies and the government bodies? Research 

and analysis can be enriched by comparative studies across countries that can further offer insights 

into the impact of different regulatory environments on AI governance and risk management. The 

study may also include examining the potential of XAI to improve accountability and trust, and its 

broader effects on financial inclusion, ethical decision making and system stability in the long term 

when it comes to AI adoption. Lastly, inter-disciplinary and highly integrative approaches to 

finance, technology and law can help to create strong governance models, more suitable for 

innovation and regulation, that satisfy ethical and regulatory considerations.  

10. Conclusion 

The aim of this study was to explore how Artificial Intelligence (AI) can be used to detect fraud 

and financial risks, as well as its overall impact on digital corporate governance in India. This 

study is blending three, traditionally separate, fields, namely fraud analytics, financial risk 

management and digital corporate governance, in a unified framework. Statistics reveal that 

artificial intelligence is more than just a technological tool; it's a strategic governance system that 

is transforming the way financial institutions govern, manage and hold themselves accountable for 

risk. AI systems can improve fraud detection by identifying anomalies in real time, recognizing 

patterns and analyzing networks. In the financial risk management sector, AI enhances predictive 

capabilities for credit risk, market risk, operational risk, and liquidity risk, enabling institutions to 

shift from a reactive to a proactive stance in financial risk management.  

These developments stem from the elimination of information asymmetry, better internal control 

systems, and better formal and informal decision-making by the management and board. The 
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prospects and threats of AI bring opportunities or complications from the corporate governance 

point of view. It improves transparency in several ways, by means of continuous auditing, real-

time dashboards and automated reporting systems, thereby enhancing the oversight and 

accountability. On the one hand it improves transparency through possible means of continuous 

auditing, real-time dashboards and automated reporting systems, thus leading to an improvement 

in the oversight and accountability. Conversely, it brings to the fore several pertinent issues of 

model transparency, algorithmic bias, ethical issues and the principle of collective responsibility 

in automated decision making. Amidst these challenges, there is a growing need for strong 

governance structures to accompany these models, ensuring a degree of transparency and 

accountability, through an independent validation system, while explaining the workings of the 

models.  

The booming development of digital financial infrastructure in India has quickened the pace of 

adopting AI technologies. Institutional bodies like RBI and SEBI have now started to push the 

concept of technologically driven governance, thus raising the bar to make the time of a more 

structured and proactive regulatory watch. The study, however, reveals that preparation of the 

institutions is still not uniform, due to the variety of technical capacity, governance frameworks, 

and implementation capacity of institutions. The conceptual framework proposed in this study will 

help advance theory and practice within the field of enterprise architecture by introducing AI as a 

key element in bridging the gap between operational analytics and governance intelligence. It 

builds upon agency theory with algorithmic monitoring, and connects the concepts of risk 

governance with algorithmic decision systems. From a practical perspective, it highlights the need 

of creating committees for AI governance, improving the capacity of board members to handle 

digital governance, and embedding periodic auditing processes into existing control and audit 

regimes.  

In Conclusion, AI can significantly use for financial stability, fraud detection and risk management 

capabilities, yet it’s effectively execute in reliant on the development of solid AI administration, 

regulation, moral guards, and administrative consistency in all respect. The future will be digital 

in the financial markets, and this will important for the governance of AI. The challenges in the 

future lie in striking a balance between innovation and accountability to maintain the fairness, 

transparency, and resilience of AI-supported financial systems. 
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